Predicting the prices of stocks at any stock market remains a quest for many investors and researchers. Those who trade at the stock market tend to use technical, 
INTRODUCTION
Stock markets deal in the business of buying and selling equity (stocks), though other trades in such markets also include bonds. Stocks tend to be the most traded instrument due to their general low value hence ease of entry and initial investment. Stock trade is therefore quite an active segment on any stock market. Stocks also tend to point the overall economic performance of a whole nation as the stock index which measures stock price movement is usually factored into the economic outlook of a particular country.
Buyers and sellers of stocks do not directly access the trading system. It is stockbrokers who do the trading on their behalf. Though the clients may decide on the offer prices, they usually rely on stockbroker advice, being the experts in the field.
Getting the best deal out of the trade is the quest for any investor. Stockbrokers, or even investors themselves, would try to forecast or predict the best price of any stock for the date of trade or the future, in order to get maximum benefits (high returns, low expenditure). Factors to consider in forecasting include fundamentals of the particular company through technical analysis. Some even do time series analysis to get a pointer to the future prices. However, artificial intelligence (AI) can be used to develop predictive systems that are better in terms of showing the expected real prices, rather than just trends. Neural networks is the particular preferred AI technology that is used in developing predicting systems that can be applied for stock market predictions.
There are four widely recognized stock market prediction methods (NeuroAI, 2016). 
ANN Model Configuration
The model used for prediction was that developed in an earlier research by the author (Wanjawa et al., 2014) . The structure is shown in Fig. 1 below.
The model for next day stock price prediction is of configuration 5:21:21:1 i.e. 5 inputs, 2 hidden layers each with 21 neurons and finally, 1 output. The activation function used was sigmoid, with one bias for each layer. The data for training is from a 4-year prior period. The model was used to create a prototype using C# programming language. This program has an interface used for doing a training based on a loaded dataset in comma separated values (CSV) format. It also has a testing option based on a background CSV file that compares the predictions and the actual prices. This developed system was then used for prediction of stock prices at the Shanghai Stock Exchange (SSE).
Fig. 1 -ANN model For Stock Market Prediction (Source: Wanjawa et al., 2014)

Selection of Stocks for Testing
Seven final test stocks were selected from the Shanghai Stock Exchange (SSE) portfolio, out of an initial list of 12. The choice of stocks just consisted of the first ones on the numerical listing of the stocks, from 600000 to 600100. The selected stocks had also not been subjected to price adjustments. Price adjustments usually occur when there are company announcements that affect the otherwise normal price movement.
Such announcements usually result into actions such as share splits or bonus issues. 5 The data sources usually specifically indicate these instances of price adjustments. The full list of stocks i.e. Domestic or A shares, as at September 2016 were 1,174, with reference numbers 600000 to 603999 (SSE, 2016).
The initial 12 stocks and the final 7 selected stocks are shown on the Table 1 below. was used for training the prediction system, while 2016 data was used for testing.
Prediction Dates
The aim of the research was to predict stock prices for the selected 7 stocks in the 15-day period 21-Sep-2016 to 11-Oct-2016. The prediction was to be done without any knowledge of the actual day prices, since this was a prediction for a future period that is over 5 days from the current date.
Training and Testing Procedure
Seven separate networks were created using the configuration shown in section 2.1. shows the ANN prediction system with the Testing mode active.
Each network was then
Fig. 2 -ANN Prediction System -Predicting Mode (Source: Author)
From September 15, 2016, there was no actual stock market price to compare the predictions with. It was therefore not possible to determine the error between actual stock price as should be published by the SSE, and the predicted price as generated by the prediction system. The CSV file with stock prices from Jan. 
RESULTS
The results obtained for prediction of each of the 7 stocks is shown in Table 2 below.
There is no actual price to compare the predictions with, since these are all future values as at date of publication of research results. That means that the errors between predicted value and real traded value as published by the exchange cannot be calculated for now, in this research, until it comes to pass in the future. Stock  600010  600015.  600016  600028  600031  600064  600089  ANN-model  T2  T1  T1  T1  T1  T2  T3  Test-ID  T305224 T108582 T122736 T120125 T109318 T62376 T160457  15 
Table 2 -Prediction for Seven Selected Stocks from Shanghai Stock Exchange
CONCLUSION
Artificial intelligence (AI) can be used for develop learning systems, such as Artificial Neural Network (ANN) prediction systems, which can then be used in typical prediction tasks, such as predicting stock market prices at typical stock exchanges.
ANNs are powerful agents that use parallel computing as a basis of gaining intelligence from learning data, then use the gained knowledge in generating forecasts. A challenge in using ANNs has been the difficulty in formulating the model parameters. Using the model parameter of 5:21:21:1, with 4-year training data, as already determined in a previous research, an ANN prediction system was developed for next day prediction at a typical stock exchange.
Testing of ANN systems had tended to be based on predicting then comparing the prediction with the real data that is already known (testing data). In this particular research, the prediction was based on future values of stocks that are yet to be traded.
It was therefore a pure prediction into the future, with the accuracy of the prediction only possible when the actual future trade takes place. 
